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When making decisions, consumers balance their desire for accuracy with their desire to conserve mental effort. This assumption

pervades the consumer behavior literature. Despite its ubiquity, no research has examined the manner in which consumers come to

learn the optimal balance of effort and accuracy for a given decision. By examining this dynamic process, the current research

demonstrates that consumers insufficiently adjust original effort level when explicit changes to the task are made. This bias is

significant because it implies that consumers are not as adaptive as previously thought. Three studies demonstrate the bias and show

the unique contribution of three causal mechanisms.
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EXTENDED ABSTRACT
For obvious reasons, deciding on a house is likely to inspire

more deliberation than deciding on a brand of peanut butter. But
precisely how much or how little cognitive effort should an indi-
vidual invest in either of these decisions? Answering that question
requires consideration of multiple factors, including the relative
utilities of the available products, the cost of cognitive effort (both
in negative utility of thinking and in opportunity cost terms), etc. It
is a complex optimization problem that is also fundamental—
decision makers have to solve it hundreds of times a day.

Despite its fundamental nature, we still know relatively little
about how this metacognitive decision input develops. Existing
frameworks dealing with effort and accuracy tradeoffs come with
no formalized knowledge about how decision makers determine the
precise amount of cognitive effort merited by a decision task, much
less how they learn to map that given level of desired effort and
accuracy onto the correct decision strategy (Beach and Mitchell
1978; Payne, Bettman, and Johnson 1988). Instead, they seem to
imply that, where this learning is necessary, it takes place quickly
and without detriment to the decision process.

This research proposes an alternate hypothesis. Adapting to a
change in task constraints requires metacognitive learning on
multiple fronts. First, the decision maker may not immediately
know the extent to which a constraint change affects the desired
balance of effort and accuracy. The effort and accuracy goals from
the decision maker’s first encounter(s) with a decision task will
form an anchor from which goals will be adjusted to account for the
task constraint change. The use of the anchoring and adjustment
mechanism should result in the expected underadjustment of effort
and accuracy goals, which will result in poor adaptation to the
constraint changes (Epley and Gilovich 2001; Tversky and
Kahneman 1974). I call this contributor to poor adaptation goal
persistence.

Second, the mapping of a new effort-accuracy level to an
available decision strategy may also require learning. Studies of
decision strategy selection in the multi-cue probability learning
literature show that changes to a cue environment often cause
perseveration—that is, the continued use of an ill-suited strategy,
even when the participant has received explicit feedback that the
cue is invalid (Restle 1962). This perseveration is likely also to
occur in the strategy selection phase when a change in the decision
environment requires the selection of a new decision strategy. This
is called biased selection, as the perseverative tendency biases the
selection of an appropriate decision strategy.

Third, the fuzzy nature of the feedback in this domain might
serve to reinforce rather than correct poor adaptation. Effort, as
measured by duration of time, is a perceptual continuum known to
display a number of distorting biases documented in the psycho-
physical literature (Stevens 1957). Chief among these biases, at
least for the current research, is perceptual distortion (Sherif, Taub,
and Hovland 1958). This scale distortion causes poor adaptation to
a decision task constraint change because insufficient adjustments
to the accuracy and effort levels will be evaluated as sufficient due
to skewing of the evaluation scale by prior experience.

Thus, I hypothesize that decision makers will adapt poorly to
task constraint changes. The core contribution of this research is the
discovery of the nature of this poor adaptation as well as its multiple
contributing mechanisms. The following hypotheses result:

H1a: If a new constraint increases desired accuracy or de-
creases desired efficiency, decision makers will be less
accurate and more efficient than a control.

H1b: If a new constraint decreases desired accuracy or in-
creases desired efficiency, decision makers will be
more accurate and less efficient than a control.

H2: Constraint changers will perform worse than the appro-
priate control group.

H3: Goal persistence causes underadjustment of relative
goal strengths.

H4: Biased selection causes use of previous (and poorly
suited) decision strategies.

H5: Scale distortion exaggerates the perceived size of effort
and accuracy adjustments.

All three studies utilize a similar experimental paradigm.
Participants make evaluations of product prices that are knowable,
but whose solutions are cognitively taxing and thus amenable to the
use of shortcut heuristics. In study 1, participants attempted to
identify the least expensive of three two-part tariff pricing plans,
like those used by cell phone companies. In studies 2 and 3,
participants saw a list of prices from four different retailers for five
separate products and attempted to identify the retailer offering the
lowest overall price for the five products.

In all studies, participants were rewarded based both on the
total number of correct evaluations and the percentage of correct
evaluations. Participants were self-paced, making as many or as
few evaluations as they wished. Incentive schemes were created
that would encourage either fast, heuristic-based evaluations or
slow, careful evaluations. After some experience under one incen-
tive scheme, participants moved to the opposite incentive scheme.
In all three studies, participants who moved from the fast to the slow
constraint made decisions more quickly than a control group, while
those moving from slow to fast constraint made decisions more
slowly than a control, as predicted by hypothesis 1. In study 1, this
bias resulted in lower earnings for constraint changers than the
appropriate control, confirming hypothesis 2.

In study 1, participants evaluated their perceived effort and
accuracy between each phase of evaluations. Consistent with hy-
pothesis 5, scale distortion, perceptions of both effort and accuracy
were significantly distorted by previous experience. In study 2, the
initial incentive scheme caused the stronger goal (accuracy maxi-
mization or effort minimization) to affect unrelated decisions after
the experimental task, consistent with hypothesis 3, goal persis-
tence. In study 3, process tracing methods demonstrated that after
a constraint change, participants continued to utilize previous
processing patterns, consistent with hypothesis 4, biased selection.
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