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ABStRACt
In this paper, we explore the conceptualisation and measure-

ment of perceived online switching costs. Through a combination 
of exploratory and confirmatory factor analyses, the measurement 
items of each construct were submitted to tests evaluating dimen-
sionality, convergent validity, reliability and discriminant validity. 
The results indicate five distinctive dimensions; namely, artificial 
cost, learning cost, uncertainty cost, search and evaluation cost and 
brand relationship cost. The measurement purification and valida-
tion processes were carried out using two samples from the same 
population comprising internet purchasers in the UK.

Retail customers’ tendency to switch or not to switch has been 
extensively examined in the traditional (offline) context, both con-
ceptually and empirically, and in the fields of marketing, economics 
and psychology. However, research into online retail switching 
tendency is a fairly recent development and is comparatively lim-
ited, with little empirical work examining the presence, frequency 
or impact of switching costs, especially in an online retail context. 
There is some research that suggests that it is both crucial and more 
difficult to manage customer retention online. The reasons posited 
for this difference include: low to non-existent switching costs; 
low search costs; the availability of online alternatives; the advent 
of shopbots; etc. However, there is empirical evidence to suggest 
that there is a stickiness to online customers and that they do less 
comparative shopping than might be expected.

Fornell (1992) describes switching costs as “all costs (financial, 
psychological, learning, etc.) associated with deserting one supplier 
in favour of another”. He contends that switching costs may include 
search costs, transaction costs, learning costs, cognitive effort, 
emotional costs, loyalty discounts, customer habit and the financial, 
social and psychological risks experienced by the customer when 
deciding to change provider. These costs can be real or perceived 
and monetary or non-monetary (Gremler 1995). The discussion of 
switching costs in this research refers to perceived switching costs. 

CAtEgoRISAtIoN oF PERCEIVEd  
SwItCHINg CoStS

Artificial switching costs are defined as the costs that arise due 
to actions initiated by a supplier in order to retain customers and 
make it more costly to switch suppliers (Klemperer 1987). Gremler 
(1995) terms it as contractual cost and divides it into two categories: 
1) costs incurred due to loyalty programmes (e.g. frequent flyer 
programmes points accumulation, rewards and discounts); 2) costs 
arising due to a penalty or the forfeit of a deposit. Artificial cost 
is also equivalent to Burnham et al.’s (2003) financial dimension 
and Jones et al.’s (2002) ‘loss benefit cost’ dimension. They are the 
perceived costs relating to a potential loss of special discounts or 
unique benefits incurred through switching providers. In the online 
context, the closest examples are frequent flyer programmes and 
repeat purchase discounts. Switching suppliers means that custom-
ers will lose these loyalty rewards. 

Uncertainty costs are the customer’s perception of the costs or 
potential losses associated with the negative outcomes of switching 
to an untested provider (Colgate & Lang 2001; Guiltinan 1989; 
Klemperer 1995). This construct is equivalent to Burnham et al.’s 
(2003) “economic risk costs”. Risk and uncertainty are higher online 
because there is a lack of face-to-face interaction. Thus, uncertainty 
costs should be more important in online services, where security, 

privacy and delivery issues are important. As Balabanis et al. (2006) 
have pointed out; the reasons preventing online customers from re-
registering with too many websites are not only due to the hassle 
factor but also due to security and privacy risk issues.

The third cost is identified as the feeling of loss due to leaving 
a brand, as a relational cost that can stop customers from defecting 
to a competitor, called the brand relationship loss cost. Based on 
Porter’s (1980) work, inter alia, Burnham (1998) refers to this cost 
as “…psychological losses associated with breaking the bonds of 
identification that have been formed with the brand or company 
with which the customer has associated…”.

Johnson et al. (2003) identified two types of search costs as 
the potential reason for customer lock-in; namely, physical search 
cost and cognitive search cost. Physical search cost refers to the 
perceived time and effort spent seeking the information necessary 
to make an informed switching decision, while cognitive search 
cost refers to the perception of time and effort expended in making 
sense of information sources and analysing the information that has 
been collected (Johnson et al. 2003; Payne, Bettman, & Johnson 
1993). Some researchers call this the evaluation cost (Burnham et 
al. 2003; Jones et al. 2002). It requires more time and effort for 
customers to search for viable alternatives in the offline market as 
compared to the online environment, where product information 
acquisition is much easier. Shopbots and search engines have also 
made information searching and comparisons simpler and quicker 
for customers. However, as Johnson et al. (2004) demonstrated, ease 
of search on the internet does not lead to more searching. In fact, 
online customers engage in fewer comparisons and tend to remain 
attached to a few websites with which they are familiar (Smith 
2002). According to a study on lock-in, online customers display 
a short-term orientation that leads them to select a favourite site to 
use repeatedly, even though this choice may not result in the low-
est price for the sought product (Johnson et al. 2003). Even if the 
overall level of the physical search cost is reduced, a previously 
used website still holds a relative cost advantage that influences 
switching behaviour (Zauberman 2003). This brings us to the second 
type of search cost, the cognitive search cost.

The low entry barrier to firms operating online produces huge 
amounts of information that challenges one’s brain capacity to 
process. Balabanis et al. (2006) also described a cognitive search 
as a cost that is related to the perception of time and effort needed 
to analyse and verify the credibility of large quantities of online 
consumer reports, reviews and forums that may sometimes be in-
consistent, or to comprehend the technical specifications or jargon 
in the absence of expert advice. New information is processed only 
when it is felt to be significant and/or relevant (Lee, Kim, & Moon 
2000) in coping with the problem of information overload (Johnson 
et al. 2004; Reichheld and Schefter 2000). 

Another form of perceived switching cost is the learning cost 
which is described as the “expenditure of time and effort to learn, 
understand or use the new service effectively” (Burnham 1998). 
Klemperer (1987) describes learning costs as any costs (including 
time) that are needed in “learning to use” one firm’s product line or 
brand (Guiltinan 1989). We argue that this will also include all of the 
costs associated with customers having to adapt to and familiarise 
themselves with conducting transactions on an unfamiliar website, 
such as the time and effort expended in acquiring customer know-
how as customers adapt to the new provider (Burnham et al. 2003; 
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Jones et al. 2002). According to Johnson et al. (2003), customers 
stay with a website to avoid the inconvenience and hassle of learning 
to navigate a new one. Having learnt to use a website increases the 
attractiveness of that website and thus raises the perceived cost of 
switching to another one. The more experience the customer gains 
with a site over time, the stronger will be the ‘cognitive lock-in’ 
of that customer (Johnson et al. 2003; Johnson et al. 2004). Just 
as an offline firm can lock in a customer with a high physical cost, 
in the offline market, an online firm can lock in customers with a 
high cognitive cost.

MEtHodology
In this research, we proposed to develop a scale measuring 

the different dimensions of online switching costs that is tested in 
terms of their unidimensionality, reliability, convergent validity and 
discriminant validity. The first step involved the generation of a pool 
of measurements (largely from the offline context of switching bar-
riers literature), constructed to reflect agreement and disagreement 
on a seven-point Likert-type scale. 39 items were generated and 
judged for face validity and consistency with the conceptual defini-
tion. Interviews were conducted with ten doctoral researchers at a 
business school to further confirm the face validity and suitability 
of the measures. After a number of suggested amendments (largely 
to the item wording), the modified survey instrument was pretested 
with a convenience sample of 51 undergraduate and postgraduate 
students.1  This resulted in the rewording and replacement of several 
items judged to be inadequate, leaving a total of 28 items.

SAMPlINg ANd dAtA CollECtIoN
The survey was conducted using online and paper-based ques-

tionnaires. A sample of 3000 potential respondents was purchased 
from Experian, a reputable research and prospect locator agency, 
from its pre-existing database of frequent online shoppers in the 
UK. Postgraduate students from a university in the UK were also 
invited via email to participate in the survey. In the questionnaire, 
the procedure applied is similar to that followed by Mano and 
Oliver (1993) and Balabanis et al. (2006); that is, the respondents 
were asked to indicate an online retailer that they used frequently 
and most of the subsequent questions were based on the specified 
online retailer. However, the main focus of the current research is 
to study the online switching costs relating to purely online firms. 
Therefore, out of the 799 completed questionnaires received, 
591 responses fall into this category and thus were used in this 
research. An inspection of the independent t-test results between 
the responses of early and late respondents and between the online 
and paper-based respondents revealed that there were no significant 
differences (p<.01) among any of the dimensions used in the analysis 
(Armstrong & Overton 1977).

From the total sample, the gender split was equally divided 
between males and females (53.9 males). Just under half of the re-
spondents have a personal income of at least £20,000 per year (47%). 
The majority of the respondents made between 3 and 5 purchases 
from the retailer’s website per year (82.9%), spent at least £16 per 
transaction on the retailer’s website (75.4%) and visited the retailer’s 
website at least once or twice a month (70.3%). More than half of 
the respondents purchased at least once every three months from 
the retailer’s website (63.9%). Half of the respondents have been 
a customer of the retailer’s website for more than 3 years (51.3%). 

The product categories purchased online include books (49%), 
music CDs (19%), air tickets (5%), electrical goods (5%), computer 
equipment (4%), clothing (7%), and games (3%). The respondents 
use four main online outlets: Amazon (72%), Play.com (7.1%), ASOS 
(2.5%) and Ebuyer (1%). Other e-stores include Ryanair, Expedia, 
Flybe, Lastminute, Pixmania, Abel and Cole, Virgin wine, etc.

ASSESSMENt oF tHE MEASuREMENt ModEl 
FoR SwItCHINg CoStS ItEMS

For the purpose of cross-validating the results (Anderson & 
Gerbing 1988), the data was randomly split into two: A (n=295) 
and B (n=296). For the Sample A, exploratory factor analysis (EFA) 
was first performed on the 28 items measuring switching costs, and 
a five-factor structure was identified (see Table 1). The values ob-
served for Bartlett’s test of sphericity (p=0.000) and the value of the 
Kaiser-Meyer-Olkin measure of sampling adequacy (KMO=0.878) 
are strong and significant. Both the eigenvalues and the scree plot 
information indicates the retaining of five factors, accounting for 
the total variance explained of 64.3% which is acceptable in social 
sciences research (Hair, Black, Babin, & Anderson 2010). Using a 
communality cut-off point of 0.5 (Hair et al., 2010), ARC7, UC4, 
UC6 and SEC2RC were removed. The rest of the items were loaded 
significantly onto their respective factors, with the lowest loading 
observed for ARC6 (.582). The Cronbach’s alpha reliability coef-
ficient suggested that all items should be retained. 

Taking into consideration the previous studies by Burnham 
et al. (2003) and Jones et al. (1998), and the content meaning of 
the items, Factor 1 was labelled Artificial Costs (AC), which refers 
to the perceived costs associated with the potential loss of special 
discounts and unique benefits if a consumer switches retailer 
(Burnham et al. 2003; Jones 1998), and Factor 2, which broadly 
refers to the consumers’ perception of time and effort needed to 
learn the idiosyncrasies of a new online retailer’s website to use it 
effectively and/or how the transaction process works, and so was 
labelled Learning Costs (LC) (Gremler 1995). Factor 3 was named 
Uncertainty Costs (UC) and refers to the customer’s perception of 
the costs or potential losses associated with accepting the risk of a 
potential negative outcome when switching to an untested provider 
about which the consumer has insufficient information (Colgate et 
al. 2001; Guiltinan 1989; Klemperer 1995). Factor 4, named Search 
and Evaluation Costs (SEC), refers to consumer perceptions of the 
time and effort involved in gathering and evaluating information 
prior to switching (Jones et al. 2002). Factor 5, Brand Relationship 
Costs (BRC), is the consumers’ perception of the psychological 
and emotional discomfort arising from changing retailer due to the 
retailer’s image or brand name.

As shown in Table 1, the alpha coefficients are above the 
Nunnally (1978) 0.7 threshold, suggesting acceptable reliability. 
However, while Nunnally (1978) suggested that a 0.7 or higher reli-
ability implies convergent validity, measurement with reliabilities 
above .85 can still have more than 50% error variance (Ping, 2004); 
hence, the need for model assessment via confirmatory factors. 
Confirmatory factor analysis (via AMOS 18) was conducted on 
Sample B to cross-validate the measurement model and the unidi-
mensionality of the latent variables.

Sample B: Convergent Validity
Convergent validity will be supported if the standardised 

loadings were 0.6 or greater than 0.5, as suggested by Bagozzi 
and Yi (1988), Hair et al. (2010) and Chin (1998), and if each item 
loaded significantly onto the respective latent construct. The result 
shows that all of the standardised factor loadings are within Hair 
et al.’s (2010) recommendation of 0.50, except for ARC6 (0.48), 

1Zhang and Prybutok (2006) highlighted the fact that students are 
the main users of the Internet and provide a strong basis for the 
pragmatic and realistic grounds in understanding online consumer 
behaviour.
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tABlE 1
Principal Component Analysis—Sample A

 Items  F11 F21 F31 F41 F51

ARC4  Staying loyal gives me discounts and special dealsa .870    
ARC3  I will lose the benefits of being a long-term customer if I leave my      
 online retailerb .860    
ARC2 I receive special rewards and discounts from doing business with      
 this online retailerc .853    
ARC5  Staying loyal saves me moneya  .811    
ARC1  I hesitate to switch from this online retailer because it offers     
 privileges I would not receive elsewhered .647    
ARC6  Switching to another online retailer would probably involve     
 hidden cost/chargesb .582    
ARC7* There are several financial costs/charges I would incur if I were to      
 stop doing business with this online retailerd     
LC7  It takes time/effort to understand how to use other online retailers’ websites  .817   
LC3  Switching my shopping activities to another online retailer would      
 require too much learninge  .784   
LC5  I am reluctant to change online retailer because I am familiar with      
 “how the system works” on this websited  .730   
LC4  I feel that the competitors’ websites are difficult to use  .703    
LC2rc Getting used to a new website after I switch would be very easyb  .649    
LC1  Switching means I need to learn new routines and ways of doing       
 things on a new websitea  .622   
UC4*  It would be inconvenient for me to switch to another online retailerg     
UC2  I worry that switching my shopping activities to another online      
 retailer would result in some unexpected problemsb   .796  
UC5  Switching to another online retailer would be risky, since I      
 wouldn’t know the quality of its products/servicesc   .787  
UC3  If I were to change online retailer, I fear that the service I would      
 receive might deteriorated   .770  
UC1  I am concerned about the security of my personal information      
 when registering on a new website   .704  
UC6*  I feel more comfortable shopping on this website than on their      
 competitors’ websites     
SEC3  I cannot afford the time/effort to evaluate alternative online      
 retailers fullyb    .797 
SEC1  I don’t like spending time searching for a new online retailerc    .781 
SEC4  Comparing the competitors in order to work out which best suits my needs 
 is a time-consuming taskb    .746 
SEC5rc  I don’t think that the process of evaluating a new online retailer prior to 
 switching would be a hassle     .736 
LC6* I dislike spending the time it takes to register with a new online retailerf     
BRC1 The brand of this retailer plays a major role in my decision to stayb     .809
BRC2rc  I do not care about the brand/company name of the online retailer      
 that I use to buy this productb     .788
BRC3  I stay because I like the public image of the retailerb     .607
SEC2rc* If I wanted to change online retailer, I would not have to search very      
 hard to find a new oneb     
 Variance Explained 17.0 15.4 12.2 11.4 8.2
 Cronbach’s Alpha .881 .852 .822 .808 .723

1- All values significant at p<.05; Values <.40 have been suppressed
*- Item removed
RC- Reverse coded
a- Adapted from Jones, Reynolds, Mothersbaugh, & Beatty (2007); b- Adapted from Burnham et al. (2003); c- Adapted from Gremler 
(1995); d- Adapted from Mathwick (2002); e- Adapted from Kim and Toh (2006); f- Adapted from Balabanis et al. (2006); g- Adapted 
from Jones et al. (2000)
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tABlE 2
Confirmatory Factor Analysis-Sample B

  F11 F21 F31 F41 F51 
  (ARC) (LC) (UC) (SEC) (BRC) CR

ARC4  Staying loyal brings me discounts and special deals  .804         22.69
ARC3  I will lose the benefits of being a long-term customer if I leave  .755         15.48
 my online retailer      
ARC2 I receive special rewards and discounts from doing business  .867         22.95
 with this online retailer      
ARC5  Staying loyal saves me money  .617         14.48
ARC1  I hesitate to switch from this online retailer because it offers  .667         17.31
 privileges I would not receive elsewhere      
ARC6*  Switching to another online retailer would probably involve           
 hidden cost/charges      
LC7  It takes time/effort to understand how to use other online    .743       19.63
 retailers’ websites      
LC3  Switching my shopping activities to another online retailer    .853       21.95
 would require too much learning      
LC5  I am reluctant to change online retailer because I am familiar    .652       17.31
 with “how the system works” on this website      
LC4  I feel that the competitors’ websites are difficult to use   .801       22.69
LC2r Getting used to a new website after I switch would be very easy    .782       19.63
LC1  Switching means I need to learn new routines and way of    .666       12.91
 doing things on a new website      
UC2  I worry that switching my shopping activities to another      .824     16.28
 online retailer would result in some unexpected problems      
UC5  Switching to another online retailer would be risky, since I      .765     14.29
 wouldn’t know the quality of its products/services      
UC3  If I were to change online retailer, I fear that the service I      .745     14.13
 would receive might deteriorate      
UC1  I am concerned about the security of my personal information      .527     14.48
 when registering on a new website      
SEC3  I cannot afford the time/effort to evaluate alternative online        .736   21.95
 retailers fully      
SEC1  I don’t like spending time searching for a new online retailer        .747   13.75
SEC4  Comparing the competitors in order to work out which best        .676   12.08
 suits my needs is a time-consuming task      
SEC5r  I don’t think that the process of evaluating a new online        .668   10.37
 retailer prior to switching would be a hassle      
BRC1 The brand of this retailer plays a major role in my decision to stay          .829 22.95
BRC2r  I do not care about the brand/company name of the online          .568 9.41
 retailer that I use to buy this product      
BRC3  I stay because I like the public image of the retailer          .704 11.81
 
1- All values significant at p<.0001; *- Item removed; RC- Reverse coded      
Average Variance Extracted .56 .57 .52 .50 .51 
Composite Reliability .862 .886 .811 .787 .747 
Goodness of Fit Statistics: x2=320.637, p=.000, df=205, x2/df=1.564; RMSEA=.044, GFI= .909, CFI=.956, NNFI (TLI)= .950  

    
tABlE 3

Assessing Discriminant Validity (Sample B)

 Latent Constructs AVE 1 2 3 4 5

1 Artificial Cost .56 .75    
2 Learning Cost .57 .327 .75   
3 Uncertainty Cost .52 .279 .595 .72  
4 Search and Evaluation Cost .50 .190 .561 .600 .71 
5 Brand Relationship Cost .51 .335 .375 .419 .317 .71

Note: The square root of AVE is shown in bold on the diagonal.
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tABlE 4
Confirmatory Factor Analysis-Sample A

  F11 F21 F31 F41 F51 
  (ARC) (LC) (UC) (SEC) (BRC) CR

ARC4 Staying loyal brings me discounts and special deals  .886     19.36
ARC3 I will lose the benefits of being a long-term customer if I       
 leave my online retailer .853     18.29
ARC2 I receive special rewards and discounts from doing business      
 with this online retailer .818     20.04
ARC5  Staying loyal saves me money  .726     17.22
ARC1* I hesitate to switch from this online retailer because it offers      
 privileges I would not receive elsewhere      
LC7 It takes time/effort to understand how to use other online       
 retailers’ websites  .712    13.37
LC3  Switching my shopping activities to another online retailer   .842    16.90
 would require too much learning      
LC5  I am reluctant to change online retailer because I am familiar   .722    13.63
 with “how the system works” on this website      
LC4  I feel that the competitors’ websites are difficult to use  .645    11.76
LC2RC Getting used to a new website after I switch would be very easy  .665    12.23
LC1* Switching means I need to learn new routines and ways of       
 doing things on a new website      
UC2  I worry that switching my shopping activities to another    .834   16.91
 online retailer would result in some unexpected problems      
UC5  Switching to another online retailer would be risky, since I    .760   14.85
 wouldn’t know the quality of its products/services      
UC3  If I were to change online retailer, I fear that the service I    .760   14.81
 would receive might deteriorate      
UC1  I am concerned about the security of my personal    .583   17.26
 information when registering on a new website      
SEC3  I cannot afford the time/effort to evaluate alternative online     .781  14.57
 retailers fully      
SEC1  I don’t like spending time searching for a new online retailer     .736  13.50
SEC4  Comparing the competitors in order to work out which best     .655  11.64
 suits my needs is a time-consuming task      
SEC5RC  I don’t think that the process of evaluating a new online     .696  12.57
 retailer prior to switching would be a hassle      
BRC3  I stay because I like the public image of the retailer     .809 13.88
BRC1 The brand of this retailer plays a major role in my      .716 20.05
 decision to stay      
BRC2RC*  I do not care about the brand/company name of the online       
 retailer that I use to buy this product      

1- All values significant at p<.05; *- Item removed; RC- Reverse coded      
Average Variance Extracted .68 .52 .55 .52 .58 
Composite Reliability .893 .842 .827 .787 .736 
Goodness Of Fit Statistics:  x2=213.561, p=.000, df=144, x2/df=1.483; RMSEA=.044, GFI= .929, CFI=.972, NNFI (TLI)= .966  
    

tABlE 5
Assessing Discriminant Validity-Sample A

  AVE 1 2 3 4 5

1 Artificial Cost .68 .82    
2 Learning Cost .52 .217 .72   
3 Uncertainty Cost .55 .255 .456 .74  
4 Search and Evaluation Cost .52 .031 .496 .415 .72 
5 Brand Relationship Cost .58 .382 .501 .561 .358 .76

Note: The square root of AVE is depicted in bold on the diagonal.
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which was removed (see Table 1). In addition, the t-values (critical 
ratio) of all indicators are greater than ± 1.96 (Gerbing & Anderson 
1988), suggesting evidence of convergent validity. This evidence 
is reinforced by the good overall fit of the model (see again Table 
2) (Steenkamp & van Trijp 1991) and the robust loadings of EFA 
(see Table 1) i.e. all loadings are larger than 0.5.

Table 2 illustrates sample B’s confirmatory factor analysis 
(CFA) fit statistics. The model’s chi-square is significant, although 
this statistic is not particularly helpful in this case, as it is sensitive 
to sample size. The results are generally good, surpassing their 
respective recommended values, being equal or greater than 0.9 
(Baumgartner & Homburg 1996; Hair et al. 2010) and the RMSEA 
value represents a good fit as it is within the acceptable threshold 
of below 0.05.

Sample B: Scale Reliability
Reliability was examined after assessing unidimensionality and 

convergent validity because a construct can exhibit an acceptable 
level of reliability even if it does not meet the convergence validity 
criteria (Steenkamp et al. 1991). As can be observed in Table 2, the 
composite reliability for each of the components exceeds Bagozzi 
and Yi’s (1988) 0.6 cut-off, thus providing evidence for the con-
struct’s acceptable reliability. The average variance extracted (see 
Table 3) is above 0.5 (except for factor SEC (0.48)), thus providing 
some support for discriminant validity, according to Fornell and 
Larcker’s (1981) criterion. 

The results suggest support for discriminant validity (see 
Table 3). To begin with, the correlation between the factors did 
not surpass the .70 cut-off value; hence, there is initial evidence of 
measure distinctiveness (Ping 2004). In addition, the constructs also 
meet the more stringent criteria of Fornell and Larcker (1981) for 
discriminant validity, whereby (1) the AVEs must be at least 0.5, 
evidence that the variance explained of each factor is superior to the 
variance explained that contributed to the measurement error and 
(2) the square root of the average variance extracted (AVE) must 
be greater than the correlations between all of the latent constructs 
in the model (see Table 3).

In order to further reinforce the evidence of the distinct dimen-
sions and validity across the latent variables, CFA was re-executed 
with sample A (see Table 4).

Sample A: Convergent Validity
Item ARC1 was found to be extremely problematic. Examina-

tion of the Modification indices (MIs) table revealed cross-loading 
between item ARC1 with the latent construct UC and error cova-
riance with item UC2. Furthermore, the inspection of the matrix 
containing the standardised residual revealed the value of above 
2.58 between item ARC1 and item LC4 (Gerbing et al. 1988). As 
such, item ARC1 was removed.

Two other items were found to have standardised parameter 
estimates of less than the recommended threshold of 0.5 (Hair et 
al. 2010); namely, BRC2rc (0.48) and LC1 (0.47). Hence, these two 
items were also removed. The model’s goodness of fit improved, 
on the whole indicating a good fit, which provides support for 
unidimensionality (see Table 5).

The fact that each item loaded significantly onto the latent 
variable, suggests support for convergent validity. This assump-
tion is strengthened by the good overall fit of the model, and also 
because all of the standardised parameter estimates are larger than 
0.5 (Hair et al. 2010). 

Sample A: CFA Scale Reliability
As presented in Table 4, composite reliability for each of the 

components exceeds Bagozzi and Yi’s (1988) 0.6 cut-off, thus 
providing support for the constructs’ adequate reliability.

Sample A: discriminant Validity
The results also suggest support for discriminant validity, given 

that all of the constructs meet Fornell and Larcker’s (1981) more 
stringent criteria for discriminant validity (see Table 5).

CoNCluSIoN
In sum, in this research, we have achieved the objective of 

providing a multi-faceted robust measure of online switching costs. 
Further research can be done to identify the possible antecedents 
and consequences of online switching costs. For instance, it would 
be interesting if the measures were used to observe the interaction 
between satisfaction and purchase intention or loyalty construct. 
Future research should also consider other methods in determining 
discriminant and convergent validity. For example, a multitrait-
multimethod matrix (Campbell & Fiske 1959) can also be used to 
assess online switching cost convergent and discriminant validity. 
In conclusion, we argue that our measure of online switching costs 
has made a valuable contribution to the literature.
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